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Apache Spark ® %5
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Apache Spark DN

Spark SQL: SQLAVEEREZ 175

Spark Streaming: U 7ILY 1 LAEBRS A 75
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* https://www.ibm.com/cloud-computing/jp/ja/bluemix/
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Apache Spark on Bluemix

* Apache Spark on Bluemix

* M TA 7IVEAE THNISERI THIE

» Jupyter NotebooklC &2 1V TSI T 4 T1aT—5 03I
SR VAR R ke

Apache Spark 1.6.0
Python 2.7.11

Jupyter notebook 4.0.6

iPython 4.0.1




L (( IBM Bluemix Ready? Try the new Bluemix | New! Try OpenWhisk
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Apache Spark is an open source cluster computing framework optimized for

extremely fast and large scale data processing, which you can access via the newly

ntegrated notebook interface 1BM Analytics for Apache Spark. You can connect to dev

your exasting data sources or take advantage of the on-demand big data optimization

of Object Storage. Spark plans are based on the maximum number of executors

avaiabie 1o process your analytic jobs, Executors exist only as long as they're needed PUIAYEDEE
Apache Spark for processing, S0 you're charged only 1or processing done.

.=

W x e,
- AT

* Incredibly Fast « Easy to Use and Powerful Apache Spark-Op

Apache Spark delivers 100x the Apache Spark's Streaming and SQL
performance of Apache Hadoop programming models backed by
for certain workloads because of MUIib and GraphX make it incredibly 0""“'5“
its advanced in-memory easy for developers and data T3P
computing engine, scientists to buillkd apps that exploit

machine learming and graph

analytics, Because the senice is

100% compatible with Apache

Spark, developers can build their

apps and run them against the IBM

HEMEA:

managed senvice to benefit from
operational, mantenance, and
hardware excellence. o

Convenient Data Storage

Object Storage enables a
convenient way to upioad your
data from a file for immediate use
by your Spark instance. You can
sat up Object Storage directly
from the Spark senvice interface.
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v Personal 2 Spark Executors ¥74.00 JPY/Instance-Hour
1 An antry level plan to run programs using up to 2 Spark executors

Reserved Enterprise 30 Spark Executors




([ IBM Bluemix Ready? Try the new Bluemix | New! Try OpenWhisk

(©) ‘dev ®¥vyai.. o Apache Spark-mu

Work with Notebooks and Spark

Create and run analytic code in interactive notebooks

and share these notebooks with others. Get details about your Spark
instance, such as the history

NOTEBOOKS 0 of jobs and memory.usa.ge in
notebooks and applications.

PRICING DOCS COMMUNITY

Apache Spark-mu

My Notebooks

NEW NOTEBOOK e

You have no notebooks. To get started, create a new notebook. You can create a new notebook from scratch, by uploading an existing notebook
or by using one of the samples.




€« IBM Bluemix JASHBOARD  SOLUTIONS CING DOCS COMMUNITY

Create Notebook
Blank

43 Characters Remaining

Description

Language*

© Python Scala R (Technical preview) 0

Cancel CREATE NOTEBOOK




IBM Bluemix

File Edit View Inset Cell Kemel Help

m Format Cell Toolbar
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SparkContext

« SparkContext
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« RDD
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SparkContext & RDD

# SparkD/\—2) 3 VHERR

type(sc)
sc.version

# RDDA R, ALIE

rdd = sc.parallelize(range(1, 11))
print(rdd.reduce(lambda x, y: x + y))




« MLIib

* MLlib Main API

« DataFramelc Xt U foBéim =2 & FE

* MLlib RDD-Based API
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